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Study on statistical post-processing of GFS ensemble precipitation forecasts
HU Yiming, LIANG Zhongmin, JIANG Xiaolei, WANG Jun, LI binquan
(College of Hydrology and Water Resources , Hohai University , Nanjing 210098, China)
Abstract: Coupling ensemble precipitation prediction with hydrological models is an important development direction of hydro-
logical forecasting. However, due to the uncertainty of the initial atmospheric conditions and model physics, numerical precipita-
tion forecasts inevitably have errors. In this study, based on GFS ensemble precipitation reforecasts with a 1-8 day lead time, we
analyzed five statistical post-processing models that were developed based on extended logistic regression (ELR) and heterosce-
dastic extended logistic regression (HELR) algorithms,and compared their correction effects on the GFS ensemble precipitation
forecasts in Xixian sub-basin of Huai River basin. The results indicated that: these five models all made significant improvements
to the GFS raw forecast; but with the extension of the lead time, their correction effects tended to attenuate. In general, the two
HELR-based models had better performance compared to the other three ELLR-based models.
Key words: ensemble precipitation forecast; ensemble post-processing; extended logistic algorithm; heteroscedastic extended lo-
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Fig. 1 AIC statistic values for the five different

post-processing models
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